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Abstract

Today, the Internet, with the creation and development of global communication
platforms, has been able to play a fundamental and strategic role in governing
cyberspace, and one of these spaces that has attracted a large audience is
social networks. These networks have created an environment where users
can overcome the limitations and barriers of their real life space and take full
advantage of the opportunity provided for their interaction, communication and
message transmission; Thus, the ability to analyze social networks on a large
scale is a specific technical capability that each organization must implement in
accordance with its mission. In the field of police actions, in order for the police
management structure to be able to assess the impact of its actions on public
opinion, it must be made public; therefore, in this study, in order to show how to
analyze the strategic data of social networks, the pattern of data collection and
processing has been drawn and in order to turn the mental abstract pattern into
a tangible practical pattern, using content analysis and text analysis to examine
the views of Iranian users on Twitter. Has been. In total, after deleting additional
tweets, 39,000 samples were used for text analysis. In order to analyze the
tweets, the samples were done based on the users’ point of view. The duration
of information analysis was performed in a period of 3 years (1397-1400) and
during the description, data mining structure and text analysis were mentioned to
understand the differences and similarities of analytical models.
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