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Abstract

Urban heat islands could have destructive effects on the environment and increase energy
consumption. The present study aimed to investigate the spatial autocorrelation of land surface
temperature and its relationship with land use in Ahvaz city. Daily and Night Land surface
temperature maps were extracted from the split window method for the Landsat 8 satellite image and
MOD11A1 product, respectively. Land use maps of the study were extracted into five classes: Built-
up area, vegetation, bare land, water, and Karun River. Based on the results, Global Moran's index on
day and night was equal to 0.94 and 0.9, respectively, according to which Land Surface temperature is
distributed in a cluster form. Results of Getis-ord Gl statistics showed that the largest area of daily and
nightly hot spots in the east of Ahvaz was obtained with 5050.53 and 8055.69 ha, respectively. The
results of the Kruskal Wallis test showed that there was a statistically significant difference between
the average temperature of land uses (p-value<0.05), so industrial areas and bare land had the highest
temperature and the water bodies and vegetation had the lowest temperature. The results also showed
that LST has a negative relationship with NDVI (r = -0.47); however, the average NDVI index in the
study area was equal to 0.17 which indicated the poor quality of vegetation in Ahvaz. Therefore, it is
necessary to take measures to improve the quality of vegetation and expand the urban green space and
preserve water resources to adjust the land surface temperature in Ahvaz.
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Introduction

Land surface temperature (LST) is one of the essential components of climate in any region. It
controls physical, chemical, and environmental processes on the earth, which are influenced by factors
such as surface reflection and roughness of different types of land use/land cover, topography,
geographical location, biophysical characteristics, and climate parameter changes over time.
Population growth and urbanization, industrial development, and human activities such as
unprincipled changes in land use/land cover have created urban heat islands, which have devastating
effects on the environment and the health of the community, as well as energy consumption, especially
in cities with hot and dry climates. Using traditional methods to estimate land surface temperature is
impossible and time-consuming for all ground conditions. On the other hand, meteorological stations
only measure temperature information for specific points. In contrast, due to land cover and other
temperature conditions, temperatures in different regions are different from the recorded temperatures
for a particular point, and this data cannot be generalized to the whole region. Currently, remote
sensing technology with continuity and data collection in broad ranges can be very efficient in
estimating the land surface temperature. This study aimed to investigate the spatial autocorrelation of
surface temperature and to identify the thermal islands of Ahvaz using remote sensing and GIS.

Materials and Methods

Daily land surface temperature maps were extracted from the Landsat 8 satellite image in June
2020 using a split window method. The method of comparison with the temperature of the synoptic
station was used to evaluate the accuracy of the LST map. To investigate the changes in land surface
temperature at night, the land surface temperature product of the MODIS sensor (MOD11A1) was
used. In the next step, the spatial autocorrelation of Land surface temperature was investigated using
the global Moran index, and hot and cold spots were identified by Getis-Ord Gl statistics. In the next
step, land use maps of the study were extracted into five classes (Built-up area, vegetation, bare land,
water, and Karun River) using the support vector machine classification method. To evaluate the
efficiency of the classification method, the overall accuracy and kappa coefficient were used. The
relationship between land surface temperature (LST) and land use type, and normalized vegetation
difference index (NDVI) was investigated using the Kruskal-Wallis test and regression analysis,
respectively.

Research Findings

The results showed that the difference between the air temperature recorded by Ahwaz Synoptic
Station and the air temperature obtained from Landsat images is equal to 0.5 ° C, which indicates the
high accuracy of the LST map. According to the results, Region 8 had the highest, and Region 6 had
the lowest average surface temperature, equal to 53.72 and 51.53 ° C, respectively. The average LST
was 51.96 ° C. The results of calculating the global Moran index showed that the LST in Ahvaz has a
cluster pattern. The global Moran index for day and night was equal to 0.94 and 0.9, respectively,
which was significant at the level of one percent probability. The results of calculating the Getis-Ord
Gl statistic for identifying the areas with high and low clusters showed that daily cold spots in the west
and east of Ahvaz were equal to 4541.22 and 2644.74 ha, respectively. The largest area of daily and
night cold spots related to region 3 is equal to 1404.27 and 344.68 ha, respectively, and the lowest area
of daily cold spots related to region 7 is equal to 728.83 ha. In general, parks, areas around the Karun
River, cultivated lands, tree and forest cover, and water areas formed the cold spots of Ahvaz city. The
area of daily hot spots in the east and west of Ahvaz were obtained at 5050.53 and 2022.48 ha,
respectively, and the area of night hot spots in the east and west of Ahvaz was obtained at 8055.69 and
4509.66 ha, respectively. The highest area of hot spots day and night is related to region eight equal to
2734.92 and 3160.65 ha, respectively. The hot spots mainly covered industrial areas and surrounding
urban areas, hospitals, passenger terminals, gas stations, locations near busy roads, and bare land.
Based on the result, the kappa coefficient and overall accuracy of classification were 95.1% and 91%,
respectively. According to the results of the Kruskal-Wallis test, there was a statistically significant
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difference between the mean temperature of land (p-value <0.05), so industrial areas and bare land had
the highest average mean, i.e., the highest temperature and the water bodies and vegetation had the
lowest mean rank, i.e., the lowest temperature. The result also showed that LST has a negative
relationship with NDVI (r = -0.47), and with increasing the positive values of the NDVI index, the
average surface temperature decreased.

Discussion of Results and Conclusion

The results showed that the type of land use affects the land surface temperature. The high
concentration of industrial centers, large areas of barren lands, and lack of vegetation are the main
reasons for the formation of thermal islands in Ahvaz city. Based on the results, the presence of
vegetation and water zone modulates the land surface temperature. The average NDVI index was
obtained at 0.17, which indicated the thin vegetation of Ahvaz city. Measures such as using bright
colors on the facades of buildings, roads, streets, and parking, expanding vegetation and green space,
creating green roofs, changing the use of bare land, paying more attention to the agricultural sector,
and preventing construction on agricultural lands, planning, and optimal traffic management in busy
places, streets, and squares with high traffic and preservation of water resources in the region and
creating waterfalls in high-temperature areas are necessary and recommended adjusting the land
surface temperature in Ahvaz. In this research, the study year was selected as near to normal
conditions and summer season. It is suggested that further studies should be done in wet and drought
conditions and other seasons and compared the results with the results of this research.
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Figure (1) Location of the study area
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Figure (3) Land surface temperature, A) Day, B) Night
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Figure (6) Global Moran Analysis of LST, A) Day, B) Night
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Figure (9) Location of Cold spot in ahvaz city, A) Day, B) Night
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Figure (10) The area of Cold spot Pattern in 8 regions of Ahvaz
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Figure (11) Linear Regression between LST and NDVI
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