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Implementation

# Import PCA Algorithm

from sklearn.decomposition import PCA
# Initialize the algorithm and set the number of PC's
pca = PCA(n_components=2)

# Fit the model to data

pca.fit(data)

# Get list of PC's

pca.components_

# Transform the model to data
pca.transform(data)

# Get the eigenvalues
pca.explained_variance_ratio
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1. Yang
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Backtest
(eigen=weights[0])
Current Eigen-
Portfolio:
Return = 28/354%
Volatility = 42/24%
Sharpe =51/14

Backtest
(eigen=weights[7])
Current Eigen-
Portfolio:
Return = 57/1046%
Volatility = 70/76%
Sharpe = 64/13

Backtest
(eigen=weights[8])
Current Eigen-
Portfolio:
Return =61/37%
Volatility = 09/43%
Sharpe = 87/0
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