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1-Parallel Learning Algorithm (PLA)
2-Original Feature Space (FR)
3-Feature Subsets (FS)
4-P-dimensionality

5-Base Classifier (BC)
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1-Area Under the ROC curve (AUROC)
2-Precision

3-Recall

4-Kappa
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1-True Positive Rate (TPR)
2-False Positive Rate (TPR)
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