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1- Markov Random Field

2- Gray Level Co-occurrence Matrix
3- Texture Features

4- Angular Second Moment

5- Contrast

6- Entropy

7- Homogeneity

8- Principal Component Analysis

9- Maximum Likelihood

10- Morphological Profiles

11- Opening

12- Closing

13- Extended Morphological Profiles
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2- Penalty parameter
3- Cross validation
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