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General model 3in8:
ans(x) =
al*sin(bl*x+4cl) + aZ*sin(b2*x+c2) + ad*sin(bd*x+ci) +
a4*sin(b4*x+cd) + aS*sin(bS*x+ch) + ac*sin(be*x+ce) +
a7*sin(b7*x+c7) + af*sin(b8*x+cd)
Coefficients (with 95% confidence bounds):

al = 1.53324007 (-2.547=+013, 2.547=4013)
bl = 0.08727 (-8.843=+004, 8.843=+004)
¢l = -1.18  (-1,754=+008, 1.754=+008)
al = 5.285=4006 (-2.501=+013, 2.50124013)
2= 0.1745 (-2.4252+005, 2.425=+005)
¢l = -1.338  (-4.804=+008, 4.804=+008)
a3 = 1.945=4006 (-1.167=+012, 1.167=4012)
b3 = 0.3491 (-3.077=+004, 3.077=+004)
¢l = 1,139 (-6.134=+007, £.1342+007)
a4 = 1.112e4006  (-1.773=+011, 1.773=+011
b4 = 0.5236 (-1,974=+004, 1.974=+004)
c4 = -0.684 (-3.913=+007, 3.913=+007)
a5 = £.17524005  (-3.544=+008, 3.556=+008)
b5 = .227  (-29.94, 32.38)
c§ = 0.05234 (-£.1652+004, &.165=+004)
a6 = 5.041=4005 (-1.B52=+010, 1.85224010)
bé = 0.8727 (-3394, 3395)
cé = 3.038  (-£.719=+006, &.719=+006)
a7 = 5.314e4005  (-2.133=+010, 2.13324010)
b7 = 0.6981 (-5028, 5030)
¢l = -2.791  (-1,004=+007, 1.004=+007)
a8 = 3.544e4005 (-6.308=+008, £.405=+008)
be = 1.047 (-108.7, 110.7)
B = 2.004 (-2.121=+005, 2.121=+005)
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General model Siné:
ans(x) =
alfsin(bl*x+cl) + al*sin(b2*x+cl) + ad*sin(bifx+cd) +
ad*sin(b4*x+cd) + aS*sin(bS*x+ci) + agtsin(betx+co)
Coefficients (with 95% confidence bounds):

al = 1.35324006 (-4.9452+010, 4.946=+010)

bl = 0.08267 [-384.1, 364.3)

¢l = -0.3824 (-7.098e+005, 7.098e+005)
al = 1.823s4005 (-9.397e+009, 9.397=+009)
2 = 0.3307 (-BOG4, 80ES)

¢l = -2.579 (-1.5992+007, 1.5992+007)
al = 1.296=4006 (-2.5282+010, 2.52824010)

b3 = 0.1653 (-2997, 2997

¢l = 1,764 (-5.944=+006, 5.944=+00f)
ad = 1.32224005 (-8.7352+008, 8.738=+008)

bd = 0.6614 (-445.6, 446.9)

¢4 = 0.7657 (-8.871=+005, 8.871=+005)
a5 = 1,119:4005 (-3.8£92+009, 3.B60e+009)

b5 = 0.496 (-1882, 1883)

¢5 = -0.7172 (-3.7362+006, 3.736=+006)
a6 = 1.114s4005 (-£.5372+007, &.5592+007)

bé = 0.8267 (-15.55, 27.2)

CE = 1,698 (-5.248e+004, 5.249:+004)



Qv 5wl oYY oyl sr..@ Ju (RO Sy e Olaflas YA

f)‘ﬁ‘ s era.’u CJ‘.:J“, ‘53J| &j)‘a\a’bﬁfd.u g;"bl'.’.J A.E..s‘) :“a)w S g

General model Gauss7:

ans (x) =
al*exp(—{ix-bl)/cl)"2) + aZ*exp(-i((x-bZ)/c2)"2) +
aifexp(—((x-b3)/c3)"2) + adtexp(-i(x-b4d) /cd)"2) +
as*exp(—((x-b3)/c5)"2) + ag*exp(-i(x-be)/cE)"2) +
aTrexp(—{(x-b7)/c7)"2)

Coefficients (with 295% confidence bounds):

al = 1.00Be=+00& (-7.992=+4008, 8.012=4+008)

bl = 1980 (8e5.4, 3114)

cl = 0.5851 (-794.2, 795.3)

ai = 7.15=+005 (4.195e+005, 1.01e+00g)

b2z = 199& (19%9&, 199&)

ci = 0.8204 (0.4g72, 1.174)

aj = £.517=+005 (4.3&ee=+004, 1l.Zee+00&)

b3 = 2001 (2000, zoo1

c3 = 2.18& (0.5095, 3.8&3)

ad = 4.8g5=+005 (-1.12=+00&, 2.093=+00&

b4 = Z010 (1901, z2118)

cqd = 29 (-25.8, B83.8)

a5 = 2.87Ze+00& (-5.085=+010, 5.08&e+010)

b5 = 1981 (1700, 2zZ82Z)

ch = 0.402Z& (-2310, Z2311)

at = 5.92g=+005 (4.293=+005, 7.55%9=+005)

bg = 1978 (1878, 1979)

cgE = 2.854 (1.779, 3.929)

a7 = 1.9g%=+004 (-1.508=+005, 1.%902=+4005)

b7 = 1971 (18e0, 1982)

c7 = 1.599 (-15.28, 18.45)





